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Introduction Approach

Motivation:

L , , Leveraging spatial relationship amongst plants:
e The steadily increasing global population.

Global framework: Improved Tracktor [3] + spatial association module.
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Plant Tracktor: Tracking by detection inspired in [3] adapted for plant tracking.
e The use of agricultural robots is still under-explored. b
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e Great part of the perception systems rely on computer vision. !_
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e Modern computer vision makes use of deep learning models. oy Detect —s| Kill bk?
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LettuceMOT 1] mance as long as at least one object remains visible to the camera.

e The tracking paradigm offers a framework to convert detection

e Sequences: 8 datasets into tracking datasets.

si

e Navigation types: 3
e [nstances: 707
e [rames: 5466
e Annotations: 42735
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